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Research on Fast Incremental Training Algorithm for Word Alignment

LUO Wei
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Abstract This study puts emphasis on the incremental training algorithm for word alignment, which is the
bottleneck during the construction of translation model. Based on two unsupervised word alignment models, the
authors propose an incremental training algorithm which is based on initialization and online EM algorithm.
Experiments show that the proposed methods are efficient and would not hurt the quality of word alignment and

translation.
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Table 1 Performance of model training algorithms of word
alignment in ctzy field (batch EM)
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Init lex dist 724903 46.43 864063 55.81
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Table 2 Performance of model training algorithms of word
alignment in yiyao field (batch EM)
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kv 4E] BLEU % E BLEU
Baseline 789259 18.73 659073 38.72
Com_out_in 1646098 19.08 1280424 38.64
Init inference 113641 11.94 108331 26.58
Init lex 728263 18.89 603377 38.52
Init_dist 1205741 19.14 1024683 40.74
Init_lex_dist 1031885 19.27 862869 40.80
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Table 3 Performance of model training algorithms of word
alignment in ctzy and yiyao field (Online EM)
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