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Learning to Annotate Text Using Wikipedia Concepts

TU Xinhui'*', HE Tingting'?, LI Fang'?, WANG Jianwen'?

1. School of Computer Science, Huazhong Normal University, Wuhan 430079; 2. Network Media Branch, National
Language Resources Monitoring and Research Center, Wuhan 430079; T E-mail: tuxinhui@gmail.com

Abstract This paper proposed an automatic text annotation method based on learning to ranking model. Firstly
the authors built a training set of concept annotation manualy, and then used the Ranking SVM algorithm to
generate concept ranking model, finally the concept ranking model was used to generate concept annotation for any
texts. Experiments show that proposed method has a significant improvement in various indicators compared to

traditional annotation methods, and concept annotation results is closer to human annotation.
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Fig. 2 Relevant Wikipedia concepts confirmation system
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Table 2 Comparison of experimental results
. = AEXF T SIM AHXT T ESA
WA IR AR SIM ESA CRM SR AR % SR AR %
Pl 0.5492 0.6732 0.8310 51.3 23.4
P5 0.4353 0.5318 0.7125 63.7 34.0
P10 0.3419 0.4165 0.5323 55.7 27.8
P15 0.2355 0.3401 0.3781 60.6 11.2
P20 0.1136 0.1527 0.1934 70.2 26.7
MAP 0.4082 0.5013 0.6215 52.3 24.0
Recall 0.6145 0.6942 0.7853 27.8 13.1
xR 3 ERHEESIRERA
Table 3 Examples of generated concepts
iz ESA CRM
1 Estonia at the 2000 Summer Olympics Erika Salumie
2 Estonia at the 2004 Summer Olympics Olympic Games
3 2006 Commonwealth Games Sport_in_Estonia
4 Estonia at the 2006 Winter Olympics Summer Olympic Games
5 1992 Summer Olympics Estonia at the Olympics
6 Athletics at the 2004 Summer Olympics Women’s Marathon Olympic Gold
7 2000 Summer Olympics Estonia
8 2006 Winter Olympics Estonia at the 2004 Summer Olympics
9 Cross-country skiing at the 2006 Winter Olympics Estonia at the 2000 Summer Olympics
10 New Zealand at the 2006 Winter Olympics Soviet Union at the Olympics
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