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Abstract Event relation recognization, as one of natural language processing technologies, faces information
stream of texts detecting event relation. The key to event relation recognization is to detect latent semantic relation
(deciding whether events hold logical relation or not) between events by analyzing the corresponding discourse
structure and semantic features of events, with the techniques of semantic relation recognition and inference, which
treats event as the basic semantic unit. This paper proposes an event relation recognization method based on event
dependency cue, by analyzing the semantic dependency relation between events and the rules of event inference.
Compared with the traditional method based on semantic similarity, method proposed by this paper achieves 5%

improvement.
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Fig. 2 Framework of event relation recognization
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Table 2 Results of dependency sparseness experiment

ES Macro P/% Macro R/% Macro F/%
Dcue-sparse 36.09 48.99 41.56
Dcue-sufficient 75.02 63.56 68.82
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