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Concept Template of Combining Attributes with Attributive Values
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Abstract The authors extract triad { concept, attribute, property value ) based on ontology. Concept is represented

as a vector which is combined with attributes and attributive values based on vocabulary clustering. Comparasion

between conceptual template based on attributes and based on attributive values is performed. The study shows that

the concept template of combination attributes with attributive values is superior to any single template.
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Table 2  Cluster precision using different sizes of vector, property values, the properties and their combination
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