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Abstract Effectively manage and to use microblog comments become a hotspot. In this paper, the methods based on
dependency parsing in all three tasks of NLP&CC2012 the Chinese microblog sentiment analysis evaluation are
detailed introduced. The appeared reasons of new words were summarized. Based on the rulemaking into words and
string frequency statistical, a new words recognition algorithm is proposed. Through the integration of existing
sentiment words lexicons, we build an own sentiment lexicon. Through six kinds of summarized evaluation unit mode,
combining the dependency tree pruning and merging strategy, the opinion sentence indentification method and the
sentiment feature extraction method based on dependency parsing were proposed. The evaluation results, especially in
the task 3, proved the effectiveness of the methods we proposed.

Key words sentiment analysis; dependency parsing; sentiment information extraction; new words identification

X & PG 8 A A0 o8 ) 2 PR A 45 K B AR 1 R I ™, (& N T PR 5 5 e LS o Al o o B35 2L i
SERALEE, A Ak h A5 BRI FH Ok S VP AS B BN M RTIRE DI TR o XX S 1R (5 B AT 15 %
ST, RIEWGI ST P SRR O, NEUM T B I s R AR B, BRI R AR A A

TR AT SAT S, S EE R MBS i BT Ao . 15 ERE RS BRAMENT R, Eh—
ANVE BT, FRADVERN T LASREL B0 72, 7E HatzivassiloglouZ A 115 a4 e B, 1 2538 2 [l o
PR REAEHT R RLR IR ANER R, Gl BEAE) -, o] DUR A2 A g A7 5 s AT 0 IR
Kobayashi%s N\l Avk T gk CREAE, 1A XPRIKBGTEM 0t %M. Qiuss A 15 R 5 3 6 4
(KA ZIRBGTAN 6 5 B0, Zhang & A4 H — i T 0 1) [ (36 A 22092, #CAIMRE(Mutual Reinforcement
based on Expected Values) %95, SRIRHXBAIERIVEAN W SRIPRAR Mo 25 Al [ 3R HUA) R A2k 1
RIPH S G HATRE 2 R B R, BT S0 TE R AR B 8 T Ay 2 B8

OO A BT VP B RS S SUE B AR B ZE 4 (CCF TCCD EJMA AT,
T 2012 HECCF A SRE S A 5 rp 0248 (NLP&CC 2012) f9— 4 e oo se e A7 /8 40 B 17l o
G T 1) PP SO AR B BT AZ Oo B R, A0 A A R0 5 ST 1 e 0 R RS SR B R B, 0 Tl AR 5%

1



1. A% 2 FAMESS 3, HAES 1 RDIEIES, 155 2 FIHES 3 MR TAES 1 1. AREHSM T A 3
MEF . ASCRVEE R MES FIBARMI %, JEX PR 45 R EEAT 704

1 FmiaiRsl

AR SCHE 0 A7 2 A B4 R SO SR 43 BT 55 B SCRY AT IR AP R0V a0 T, TR0V 23 Wt 7 B E 1]
AR R ERE BT . BEERRRIRE, HE B, KEFIAAK I, i iadser, dtmgs
WA A WO o A SCAE E A Rl A E0O, S B T ICTCLASH SO A T B, 38 I ol i) 1 R o1 s
AU ARG TS, B — RIS F RN ARG F i R 72

WIRUTT

DA JE AV FA R BE, B —/MBRR, RAWERRAE A5 B 45 A s iL B
TIINARIE B A B, 5 ST T AE RN BT A I 43173 2 H A

2) fEidkHria BIA;

TN ) BB AR T DA S I 3 A, (B STFF E B M DL AN 8 . TRk R X
WREHE KT 2 T 5 I BTAGE S T 5 AT 5k

3) K (L TR AT AR E ;

W = ptrans * df (1)

Horh pyo WEREINR,  df USCRIIEG Py, MBS TR T 08— A 208 A 7 51 R AR i A
BB BT

AR IR B EE RN BOR T BB A e i) Dy il IR 45 R X T 5 o7 Je b 7 DL AR e 5 =l
R, AU 25, 37 4 FHHHA . 25, 35 4 FHRBGAAERERANFRR . AT 35, 4545
Ry T ABARMER, 23 7. 4 FEARPINES RN, 2 TR S HCERRREVN. B,
PATIRIE FHORVOE 3 MNEREK, IlRAF 2 7. 3 7M1 4 P45 R kB ERR TR BRI T 45
RAEHA R S5 R

2 IRKTFEWENIZES

PR ST B A7 RPN B AT 0T, R LA AE A X e o SCRRAZ AN, - v 4 43 A
WA S SO RS HTRE B, RIER DL SRS SR At 4712 8T, [ R K S A R AE

1)BIH;

SR A BT AS B AE  FRN 2 A AT MR, AR ISR PR T 24 a5 s rp, P e AR A
TER. B 1 RSB AIRAF BT 1, EDE R 719 05 BAKSEAE T AL A b, HRTH S A IR AT
I A AT, BYA BRI N T BE bR %5 W1 DEC. DEG. P %%, mlK AT MK A7 8 R I
AN AT BREIRIT LA

Bl 1 ARAER I BTAY
Fig.1 Dependency tree pruning
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Fig.2 Dependency tree merge
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Table 1 Evaluation unit mode table
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Table 2 The evaluation results of opinion sentences identification comparison table
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Table3 The evaluation results of opinion polarity judgment comparision
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Table 4 The strict evaluation results of sentiment feature extraction comparision
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Table 5 The lenient evaluation results of sentiment feature extraction comparision
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