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Abstract In this paper, we proposed a microblog sentiment analysis method based on the syntactic dependencies.
Firstly, analysis the syntactic dependency of tweets, and then extract all of the binary dependency relations
between sentiment words and targets based on the rules proposed in advance. Finally, identify the sentiment
orientation of every tweet and the corresponding targets. According to the above method, we developed a
prototype system, and participate in three subtasks of the NLP&CC 2012 Chinese Microblog Sentiment Analysis
Evaluation Task, and the evaluation result is good.
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Fig.1 The overview of the method
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Table 1 Rules for extracting the dependency relation between opinion word and target
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Table 2 Extended rules for target extraction
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Table 3 The result of evaluation
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