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Micro-blog sentiment analysis

Abstract: This paper mainly introduces a system, which we completed when we take part in the
evaluation of the NLP&CC 2012 Chinese microblog sentiment analysis. Evaluation is contains
three tasks, perspectives sentence recognition. sentiment orientation analysis and sentiment factors
of extraction. For three tasks, perspectives sentence recognition and sentiment orientation analysis
were performed using a method based on the sentiment rules and sentiment dictionary based rules,
emotional factors of extraction based Dependency Parser evaluation object extraction method.
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