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Research on Recognition Units of Large Vocabulary Speech
Recognition System of Uyghur
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Abstract Uyghur is an agglutinative language and words are not optimal recognition units for Uyghur LVCSR
systems. According to recognition unit selection problem in Uyghur LVCSR systems, a more suitable recognition
units for Uyghur likes sub-word is designed, and the combining recognition units of word and sub-word are
proposed. The performance of language models and speech recognition are evaluated on different recognition units.

Experiment results show that the proposed recognition units outperforms word units in terms of unit size, language

model perplexity, and can give a relative word error rate reduction of 22% over the word based system.
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Fig.1 Number of distinct tokens versus training data sets
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Fig. 2 Distribution of phoneme in recognition units
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Fig. 3 Cross entropy of different language models
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