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Abstract
implicit relations. In this corpus, discourse relations are divided into three layers, the first one has four types:

The authors use a self-built Chinese Discourse Treebank(80% relations are implicit) to recognize

causality, coordination, transition and explanation. Based on this corpus, maximum entropy classifier is employed
to identify four types relations with context feature, lexical feature and dependency parse feature. Experimental
results show that total accuracy rate is 62.15% and the identification effect of coordination is the best, F1 value

reaches 75.26%.
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Fig. 1 An instance of example 3’s Discourse Relation Tree
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Table 2 Accuracy of individual feature and all fetures

Word&  Dependency

Feature pos rules Wordpairs  Context Acc./%
FVwp + - - - 54.17
FDep - + - - 54.51
FWP - - + - 56.25
FCon - - - + 60.76
FAll + + + + 62.15

F3 AEFEEANBRERE
Table 3  Accuracy of different feature groups

Feature Word&pos Wordpairs Dependency rules Context Acc.(%)

FVwp + - - - 54.17
FWP + + - - 58.68
FDep + + + - 61.11
FCon + + + + 62.15
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