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Abstract Using the syntactic analysis model, the statement is divided into several combinations of words.

According to the subject-predicate component of compound words and emotional color difference of emotional

words, different weights are given respectively. Statistical analysis of the distribution of the emotional statement,

use the characteristic parameter training the classifier, and employ the trained classifier for the test corpus

emotion classification. Experiment results show that the emotion classification discriminant accuracy rate and recall

rate of this method is more ideal, compared with the existing discrimination methods. This research method can

also be used in the statement of comparative discrimination and negative polarity judgment.
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Fig.2 Cross-language sentiment classification system model
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