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Abstract Fine-grained sentiment analysis of Chinese micro-blog is investigated and a method of multi-strategy
fusion is proposed. Firstly, the authors apply Naive Bayesian to identify sentiment or non-sentiment about
micro-blog. Secondly, based on emotion ontology, a method for how to form 21 sentiment features vectors of
micro-blog is presented. At last, fine-grained sentiment of micro-blog is classified based on SVM and KNN
respectively. Experiment results show that multi-strategy fusion is better than simplex, in addition, “NB+SVM”

strategy is better than “NB+KNN” strategy.
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Table 2 Experimental result of sentiment identification

Precision Recall F-measure
SVM 0.6212 0.7274 0.6701
KNN 0.6495 0.7220 0.6838
NB+SVM 0.6626 0.8012 0.7254
NB+KNN 0.6676 0.7982 0.7271
MAX 0.7494 0.9517 0.7271
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Table 3 Macro average of sentiment classification

Macro Precision Macro Recall Macro F-measure

SVM 0.1922 0.1805 0.1862
KNN 0.2088 0.2308 0.2192
NB+SVM 0.2109 0.1996 0.2051
NB+KNN 0.2704 0.3064 0.2873
MAX 0.2844 0.3064 0.2873
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Table 4 Micro average of sentiment classification

Micro Precision  Micro Recall Micro F-measure
SVM 0.2283 0.2509 0.2391
KNN 0.2381 0.2773 0.2562
NB+SVM 0.2539 0.3070 0.2779
NB+KNN 0.3133 0.3746 0.3412
MAX 0.3834 0.3976 0.3412
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