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FE: In this talk, | am going to introduce the detailed background knowledge for social computing,
including methodologies and tools for macro-level, meso-level and micro-level social network analysis.
Then | will focus on social influence, an important phenomenon that occurs when one’s opinions,
emotion, or behaviors are affected by others. Many applications have been built based around the
implicit notation of social influence between people, such as marketing, advertisement and
recommendations. With the exponential growth of online social network services such as Facebook
and Twitter, social influence can for the first time be measured over a large population. | will examples
on Twitter, Weibo, ArnetMiner, Flickr, Gowalla, etc. to explain how to verify the existence of social
influence, how to quantify social influence in social networks, and how to model the influence
diffusion procedure.
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Tﬁ%]\f‘éﬁﬁi Jie Tang is an associate professor at the Department of Computer Science and
Technology, Tsinghua University. He was honored with the CCF Young Scientist Award, NSFC Excellent
Young Scholar, IBM Innovation Faculty Award, and the New Star of Beijing Science & Technology. His
research interests include social network analysis, data mining, and machine learning. He has
published more than 100 journal/conference papers (in major international journals and conferences
including: KDD, 1JCAI, WWW, SIGMOD, ACL, Machine Learning Journal, TKDD, and TKDE) and held 10
patents. He also served as Workshop Co-Chair of SIGKDD’13, Local Chair of SIGKDD’12, Publication Co-
Chair of SIGKDD’11, Program Co-Chairs of ADMA’11 and SocInfo’12, and also serves as the PC member
of more than 50 international conferences. He is now leading the project Arnetminer.org for academic
social network analysis and mining.
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HHE: statistical machine learning offers a rich and rigorous formalism for many tasks in natural
language processing. This tutorial provides a systematic introduction to the basics of machine learning
and fruitful connections with NLP. In part 1, | give an overview of statistical learning, introducing the
notion of models, parameters, estimation, and decision theory. In part 2, | go over probabilistic
graphical models, including directed and undirected graphical models for structured learning, belief
propagation and Gibbs sampling, and parameter learning. In part 3, | review a few advanced
probabilistic models including Chinese Restaurant Process and Indian Buffet Process. The tutorial will
be delivered in Chinese and is accessible to anyone with basic knowledge of probability and statistics
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WEANFI:  Xiaojin Zhu is an Associate Professor in the Department of Computer Sciences at the
University of Wisconsin-Madison. Dr. Zhu received his B.S. and M.S. degrees in Computer Science from
Shanghai Jiao Tong University in 1993 and 1996, respectively, and a Ph.D. degree in Language
Technologies from Carnegie Mellon University in 2005. He was a research staff member at IBM China
Research Laboratory from 1996 to 1998. Dr. Zhu received the National Science Foundation CAREER



Award in 2010, and Best Paper awards at ICML, ECML/PKDD, and SIGSOFT. His research interest is in
machine learning, with applications in natural language processing, cognitive science, and social media.
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FEE: In the recent years, deep learning techniques have been successfully applied to large scale
real-world applications such as large vocabulary speech recognition (KiFJ &&= iH5A), computer
vision, and natural language processing. In this tutorial, | will explain what deep learning is, what the
basic ideas behind it are, what the most popular models are, how to apply deep learning to real-world
applications, and why it works so well in applications such as speech recognition. Although | will mainly
use speech recognition as the example, the insights and techniques shall be applicable to many other
applications.
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WE AN FI:  Dr. Dong Yu joined Microsoft Corporation in 1998 and the Microsoft Speech Research
Group (now expanded to Conversational Systems Research Center) in 2002, where he currently is a
senior researcher. His research interests span speech processing, robust speech recognition,
discriminative training (X414 1), and machine learning. He has published over 100 papers in these
areas and is the inventor/coinventor of more than 50 granted/pending patents.

His most recent work focuses on deep learning and its application in large vocabulary speech
recognition. The context-dependent deep neural network hidden Markov model (CD-DNN-HMM _E T



SCFH IR S A 28 ) 25 2 1 SR AT A7) he co-proposed and developed has been seriously challenging
the dominant position of the conventional GMM (/&= #7E 545 7Y) based system for large vocabulary
speech recognition.

Dr. Dong Yu is a senior member of IEEE. He is currently serving as a member of the IEEE Speech and
Language Processing Technical Committee (2013-) and an associate editor of IEEE transactions on
audio, speech, and language processing (2011-). He has served as an associate editor of IEEE signal
processing magazine (2008-2011) and the lead guest editor of IEEE transactions on audio, speech, and
language processing - special issue on deep learning for speech and language processing (2010-2011).
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