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Abstract Chinese word segmentation systems, trained on annotated corpus of newspaper, often obviously
decrease in performance when faced with a new domain. Since there is no large scale annotated corpus on the
target domain, statistics based methods could not work well. The authors attack domain adaptation of Chinese word
segmentation by combining active learning with the statistical features of n-gram. The ideais to select such a small
amount of data for annotation that the gap from the target domain to the News will be overcome. The word
segmentation model is trained again by the corpus added with newly annotated data and the statistical features of n-
gram from the raw corpus. The authors use the CRF model for training and a raw corpus of one million sentences
on patent description to verify the proposed approach. For test data, 300 sentences are randomly selected and
manually annotated. The experimental results show that the performances of the Chinese word segmentation
system based on the approach are improved on each evaluation metrics.
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Fig. 1 Framework of domain adaption of Chinese word segmentation based on active learning
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Fig. 2 Framework of the Chinese word segmentation adapted to the patent description text
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Table2 Results of different word segmentation systems
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