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An Entity Linking Approach Based on Topic-Sensitive Random
Walk with Restart
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Abstract Entity Linking is the process of linking name mentions in text with their referent entities in a
knowledge base. This paper tackles this task by proposing an approach based on topic-sensitive random walk with
restart. Firstly, the context information of mentions is used to expand mentions and search the candidate entitiesin
Wikipedia knowledge base for mentions; Secondly, graph can be constructed in accordance with the intermediate
result in the pre step. Finally, the topic-sensitive random walk with restart model is used to rank the candidate
entities and choose the top 1 as the linked entity. Experimental results show that this approach on KBP2014 data set
gets F score 0.623 which is higher than every other systems’ mentioned in this paper. The proposed approach can
improve the Entity Linking system’s performance.
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Fig. 1 Scheme of entity linking approach based on topic-sensitive random walk with restart
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Table 1l Effectiveness of various Entity Linking systems on different datasets

. KBP2014 AIDA T8

s Wikification-F {if CEAF-F Wikification-F i Wikification-F
Alhelbawy %) 0534 0.775 0.710 0.700
Han!® 0.593 0.774 0.741 0.730
AT 0.623 0.799 0.762 0.751

@ http://www.mpi-inf.mpg.de/yago-nagalaidal/
@ http://www.cse.iitb.ac.in/~soumen/doc/CSAW/
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Table2 Comparison of experimental results using the
vocabulary table or not

SR AR Wikification-F {i CEAF-F i
AME R 0.613 0.799
i FiR % 0.623 0.799
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Table 3 Comparison of experimental results using the
topic information or not

SLE AR Wikification-F & CEAF-F 1
TR 0.619 0.799
F UK 0.623 0.799
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