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Abstract  Event coreference resolution as a technical support for multiple tasks in the field of Natural Language

Processing, it is of great significance to text comprehension. This task is more difficult than entity coreference

resolution, the main reason is that the event mention in the unstructured texts is sparse, and most of them do not have

the coreference relationship, at the same time, the semantic information carried by the event itself is richer than entity.

For the above characteristics of event coreference resolution, an event coreference resolution platform with text

representation is proposed. This platform effectively distinguishes non-event mention, single-chain and coreference

event mention through CRF, and uses hierarchical attention mechanism to capture important information at sentence

level and text level. Experiments on KBP2015 and 2016 datasets verify the validity of the model, and the CoNLL

evaluation standard reaches 43.07% of the F1 value.
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<doc id="1d2911¢09a6746b942c3e7b3cbdcbOce">
1.Former Pakistani dancing girl commits suicide 12 years after horrific acid attack which left her looking 'not human'.

2.She had undergone 39 s¢; urgeries to repair damage .
3.Leapt to her death from sixth floor Rome building earlier this month.
4.Her ex-husband was charged with attempted murder in 2002 but has since been acquitted .

5.Bilal Khar was arrested in 2002 and charged with attempted murder following the attack, only to be released on bail after five
months.

6.Khar, an ex-parliamentarian and son of a wealthy Pakistani governor,....

7.They let him off, huh?
8.Expect to see more of this, then.
9.Poor woman a terrible price to pay for accepting a misongynist cultural norm.

10.I do not choose to get past my ethnocentric disgust on this one.
</doc>
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Fig.1 Example diagram of Event Coreference Resolution
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Fig.2 Model Framework Diagram of Event Coreference Resolution with Document Representation
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Fig.3 Standard Attention Weight
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Fig.4 Event mention pair Score
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Table 1 Configuration of experiment parameters

Word Bi-LSTM Hidden dim:300 Number layers:1 Dropout: 0.5
Sentence Bi-GRU  Hidden dim:200 Number layers:1 Dropout: 0.5
Document Bi-GRU  Hidden dim:200 Number layers: 1 Dropout: 0.2
FFNNm’ » Hidden dim:150 Number layers:2 Dropout: 0.2
Feature Pos Spansize Type Realis  Genre Embedding dim: 20
Optimizer Adam
Learning 0.0001
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Table 2 Experimental results of event resolution

MUC B’ CEAF, BLANC CoNLL AVG-F

Lu 5% 27.41 40.90 39.00 25.00 35.77 33.08
Baseline 43.47 38.93 37.30 30.56 39.90 37.57
Doc embedding 45.15 40.33 39.17 31.97 41.55 39.16
CRF 45.30 41.16 40.46 33.68 42.31 40.15
Doc+CRF 46.90 42.09 40.22 34.60 43.07 40.95
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